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Research and model training of helmet recognition algorithm based on deep learning

ZENG Jijun, WEN Bojian, LIANG Zheheng
(Guangdong Power Grid Co., Ltd., Guangzhou 510600, China)

Abstract: There is a problem of workers who don't wear safety helmets as required as well as non-operating personnel
entering a job site by mistake. Thus a deep learning-based safety helmet and voice recognition intelligent terminal
algorithm is designed. First, for the detection of helmets, we use a human body key point detection model and a YOLO3
algorithm based on deep learning. The video file obtained by the smart camera is first used to extract the images of the
on-site personnel using the human body key point model, and then the YOLO3 algorithm is applied to detect the situation
of the on-site workers wearing helmets and send out warning messages for those who do not wear the helmet correctly.
Finally, the practicality of the proposed model is verified through model training.
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