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Research on ISMC-PSO based wind uphill power output prediction system

LI Yongxin, WANG Hong, WANG Zhijie, WANG Haiqun
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Abstract: At present, wind farms use a single power ramp prediction model, which has poor generalization ability and
low prediction accuracy. By analyzing the two single-power ramp-up prediction models of support vector machine and
extreme learning machine, the weight selection methods of these two models are studied, and a combined power
hill-climbing prediction model is proposed. The model uses the improved algorithm based on particle swarm optimization
algorithm to optimize the weights of the above two models, and forms a new high-precision prediction system. Then the
system is modeled and simulated. The simulation results verify the effectiveness of the prediction model, and its
prediction accuracy is greatly improved compared with the single prediction model.
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Table 1 Forecasting error comparison of three models
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Table 2 Forecasting information of wind power ramp event
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Table 3 Forecasting information of wind power ramp event
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