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An algorithm of abnormal data reconstruction based on RISE-FALL-feature of
the wind speed and support vector machine
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Abstract: The historical power data of wind turbine is the important foundation for the study of wind power. However,
amounts of data collected from wind farms usually contain abnormal data, which has adverse effects on the wind power
prediction. First, the wind speed-power correspondence of historical data is studied, and the abnormal data is identified
and eliminated. The influence of RISE-FALL-feature of the wind speed on the power is analyzed, and the SVM data
reconstruction model is established. A data reconstruction model is improved based on the RISE-FALL-feature of the
wind speed and the output characteristics of the correlation wind turbine. Taking the measured data of wind turbine as an
example, the simulation results show that the method described in this paper can effectively identify and reconstruct the
abnormal data.
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Fig. 1 Wind speed-power scatter of a wind turbine
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Fig. 2 Wind speed correction
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Fig. 4 Comparison of up-down wind power data
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Fig. 5 Wind turbine abnormal data
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