5546 4 5 5 M A ERBEY D EH Vol.46 No.5
2018 43 H 1 H Power System Protection and Control Mar. 1, 2018

DOI: 10.7667/PSPC170302

ELF 1L DDAGSVM 2 £ 5 L KESBI B e =M 3hiR 7l

1EFRE, T Hf

(FEFLXFREEEEH TSR, TR M 221008)

. A i RS R BN R L b ELVR RN S IR 1) A, RIS 8 PR 2 i 4 22 24 28 il S 1 S 1) B Lo
TAEIER S AR FFT AR MR I A5 SR IE AT I 25 . FLKs ) SCKKT JIE 4 1 SRR A A 18] 3 A3 17 1)
MIGEA SIS RE, K200 VU0 P S o (V0 1 T BRSO o RS AR o, DAL S AR e o i) ARG A R S
Fr i) L 2525 (DDAGS VM) TE 43 A4 B 1 BEHLAL B, I S0dE (Y DDAGSVM I T HUBEDL B {5 5 1R
Y. SEEGE TARW], RGBS DDAGSVM S B AT BCHR R0 8 I (ke
KEER: LRFENL Yok PRAREIRE SRS ) KKT &4 R0 75

Power quality disturbance recognition based on improved DDAGSVM
multi-class classification strategy

REN Zihui, WANG Qi
(School of Information and Control Engineering, China University of Mining and Technology, Xuzhou 221008, China)

Abstract: In order to solve the problem that the power quality disturbance is diverse and the recognition rate is not high,
the purpose of this paper is how to apply the multi-class classification problem to the support vector machine. Firstly, the
disturbance signal eigenvalue is extracted to train model by S transform and FFT transform. Secondly, the generalized
KKT decision condition is combined with the sample space distribution sequence to introduce interclass recognition
degree. The hyperplane function with the highest interclass degree is used as the root node of the classifier to overcome
the shortcomings of traditional Decision-oriented Non-cyclic Graph Support Vector Machine Classifier (DDAGSVM)
randomization in the order of classification generation, and the improved DDAGSVM is applied to the classification of
the energy disturbance signal. The experimental results show that the proposed algorithm has better effect and better
robustness than the traditional DDAGSVM algorithm.
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Fig. 1 Fundamental sampling point amplitude curve
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Fig. 2 Frequency response amplitude standard deviation curve
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Table 4 Algorithm robustness and classification accuracy
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Cl 912 953 921 988 931 986 951 994
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C4 94.5 100 95.1 100 95.6 100 96.2 100
C5 931 958 933 983 952 100 96.3 100
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