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Partial discharge pattern recognition based on texture feature of gray level co-occurrence matrix
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(School of Electrical and Power Engineering, China University of Mining and Technology, Xuzhou 221008, China)

Abstract: For the characteristics of the traditional statistical parameters, due to the number of discharge and discharge
phase distribution and other factors, there will be invalid information, and reduce the partial discharge recognition rate. In
order to reduce the influence of these factors, this paper introduces the texture feature of gray-level co-occurrence matrix
to make pattern recognition of partial discharge. First, the (¢-g-n) three-dimensional spectrum of partial discharge
phase-discharge capacity-discharge numbers is constructed through the experiment, and the discharge distribution matrix
is acquired, and then the corresponding gray level co-occurrence matrix is calculated, and the corresponding texture
features are extracted, finally, cluster analysis is used to classify different discharge defects effectively. Experimental
results show that texture feature based on discharge distribution of gray-level co-occurrence matrix can effectively
identify the different types of partial discharge, which provides a new idea for partial discharge pattern recognition.
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Fig. 1 Schematic diagram of model defect
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Fig. 2 Partial discharge measurement system
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Fig. 3 Single-cycle partial discharge signals
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Fig. 4 Three dimensional map of partial discharge
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Fig. 5 Solution of gray level co-occurrence matrix
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