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Short-term load forecasting based on dynamic weight similar day selection algorithm

LI Xiaocong, LI Chuntao, CONG Lanmei, REN Ziyi, LUO Hongliang, WANG Yuwen, YUAN Hui, QIU Hao
(College of Electrical Engineering, Guangxi University, Nanning 530004, China)

Abstract: A short-term load forecasting method based on similar day algorithm with dynamic weight value and GM-
GRNN model is proposed. Traditional ways to select similar days can not effectively identify the dominant factors.
Aiming at this problem, the dynamic weight similarity day selection algorithm based on modified fruit fly optimization
algorithm (MFOA) is proposed, which is based on the optimization algorithm of different regions and seasons. The
method improves adaptability and effectiveness of the algorithm. Moreover, the accuracy of load forecasting is enhanced.
After the selection of similar days, the short-term load forecasting method of grey model and generalized regression
neural network (GRNN) is proposed, which improves the stability of the single model forecasting accuracy. In order to
further optimize the prediction model, the GRNN smoothing factor is optimized by the modified cuckoo search (MCS)
algorithm. Simulation results verify the validity of the proposed method.
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Fig. 1 Flow chart of similar day selection algorithm
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