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The transformer diagnosis data reduction based on improved ant colony algorithm
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Abstract: Most algorithms for transformers fault diagonosis can’t extract effective information from increasing data, thus it can’t
diagnose fault fast and accurately. In order to improve the speed of fault diagnosis on the basis of the principle of ant colony algorithm
and the information entropy theory of fuzzy rough set, the local search strategy, ant’s internal state, pheromone updating and state
transition rules of the ant colony model are modified. An improved ant colony algorithm for the reduction of the diagnosis data is

proposed. The transformer fault diagnosis experiment indicates that the proposed algorithm has higher diagnosis accuracy rate in data

reduction and has fast diagnosis speed compared with traditional algorithm.
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