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Power transformer fault diagnosis based on rough set theory and support vector machines

WU Zhong-li, YANG Jian, ZHU Yong-li, LIU Zhu
(School of Electrical and Electric Engineering, North China Electric Power University, Baoding 071003, China)

Abstract: A model for the location of the transformer fault diagnosis is built based on rough sets and support vector machine.
Firstly, the results of the oil data and the electrical experimental data are combined and reduced based on rough set theory, so the
mapping of the faults and the information is established. Then the mapping is classified by the support vector machine classifier, so

the rough faulty point of the transformer is diagnosed. Examples show that the proposed diagnosis model can get the rough faulty point

of the transformer with a satisfactory accuracy.
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Fig.1 Power transformer fault diagnosis model based on RS
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Tab.2 Results of the accuracy and parameters
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SVMI 160 53 2 0.142857  100%
SVM2 90 30 0.5  0.0078125 96.5%
SVM3 60 20 2 0.125 95%
SVM4 30 10 8 0.007 8125  90%
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Fig.2 The flowchart of the program
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Tab.3 The DGA data of 2# transformer (uL/L)
A3# H2 CH4 C2H4 C2H6 C2H2

2006.07.10 201 107 19 137 160
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Fig.3 Transformer fault diagnosis system
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