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An improved binary tree classifier for transmission line fault based on SVM
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Abstract: Based on SVM an improved binary tree methods multi-classifier algorithm model for transmission line faults is designed in
which the characteristics and the priorities of different faults of transmission line are considered, and the least squares algorithm for
SVM and the data normalization algorithm named linearity function transform expression for data pretreatment are selected according
to the results of experiments. Then the multi-classifier is trained by several simulated short-circuit samples. The test results show that
the correct rate of the classifier is very high for all kinds of transmission line faults, especially significant high for two-phase
short-circuit and two-phase to ground fault. In addition, the classification process for transmission line faults is fast because of the
simple data pretreatment and the reduced classification steps.
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