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Research on FNN short-term electric load forecasting based on data mining technology

CUI He-rui', SONG Xiu-li’, GE Man-gian®
( 1.School of Business Administration, North China Electric Power University,Baoding 071003,China;
2. Qingdao Electric Power Design Institute, Qingdao 266002,China)

Abstract: The artificial neural network model does not consider the weather and other factors in load forecasting. Based on data
mining(DM), this paper proposes the improved short-term load forecasting method, by the clustering feature of DM, we search the
historical daily load with the same meteorological category as the forecasting day and to compose data sequence with highly similar
meteorological features, so as to enhance the accuracy of the forecasting. In view of the poor ability of ANN model to deal with the
uncertainty and ambiguity information, this paper cites the theory of fuzzy to build fuzzy neural network (FNN) model. Comparing

with ANN and FNN, the approach in this paper has achieved greater forecasting accuracy.
This work is supported by National Natural Science Foundation of China(No.70671039).
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Tab. 1 Comparison of forecasting error

H DMFNN FNN ANN

bt el(%) r/ (%) el%) rl (%) %) r/ (%
2-13 2.58 4.218 2.7 5.593 3.01 6.426
2-14 2.63 4,352 2.78 5.028 3.10 6.102
2-15 2.64 5.016 5.13 7.226 7.84 7.638
2-16 1.22 3.260 1.57 4.196 1.61 5.017
2-17 1.68 4217 1.79 6.382 295 7.142
2-18 3.02 3.749 493 6.784 4.32 7210
2-19 1.74 5.348 1.65 3.602 1.80 6.438
2-20 3.39 4.663 3.19 5.386 4.06 6.321
2-21 1.98 4.321 2.10 5.129 2.41 6.359
2-22 3.30 3.615 5.73 6.217 6.23 7.001
2-23 1.72 5.390 1.86 6.079 225 7.204
2-24 3.26 4.512 3.75 5.050 3.94 6.702
2.25 2.65 4.058 2.79 5.751 3.16 6.821
2-26 217 3992 2.54 4.852 2.98 5.363
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