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Study on the daily load forecasting method based on Mallat algorithm
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Abstract: Wavelet transform has good local characteristics in time domain and frequency domain. It has been widely used in power
load forecasting. Wavelet transform is convolution operation essentially and its boundary effect in decomposition and reconstruction
process reduces the accuracy. In this paper, the original data is processed by difference compensation data extension and threshold
value method. Then the processed data is decomposed by Mallat decomposition algorithm. Considering the power load is stochastic
sequence, the time series stochastic model is chosen to forecast every wavelet sequence. Finally the forecasting results is
reconstructed by Mallat reconstruction algorithm to compose daily load forecasting data. The example shows that the method in this

paper can reduce boundary effect clearly and has good accuracy.
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Fig.3 Load forecasting results
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Tab.1 Load forecasting error statistics

003 M 0054 BKIRE FIRE
Modell 1 0 0.0435 0.020 5
Model2 47 32 0.120 4 0.0375
Model3 52 3t 0.106 9 0.0384
Modei4 45 26 0.1358 0.0371

- B3 RFR1AUESY, BIREMES M
KBRS 2 RUBE /N W SR TR B R 2 B KB
WREMER/PH . BAARSE N Z 0 MEEHEAT
FPFUSEE , 5 BOREFT T 1457 3000 %ot FOU0 45 R B3
KFIH0 Mallat 205 BB B 657100 7 %

EA B REENURF S s, AR T
ZRPIEE.
5 g

PMERBAERAT R BRERET, FELFU
R, PRAET ARTRMAREEL . ASCESEx P st 8k
BAT T BEMERAE, RN RERRERA
BEVL PR R SR G FIF Mallat S3RSEEK
SERFEERIEAEN TR, NSRRI T
FATEIT I B S5 R A Mal lat EMHEEETF
FITRA LS RBATEM . BHIGRRAA LS HE
T TR 75 vk B B AR T 3 S RN R T 45 R R
Wy, $RET IR

SE 3R

(11 B4, 7%, ki, & AETTR LRt

H[1). BAREETE, 2004, (1):16-19.
WEI Gang, WANG Fei, ZHANG Yong-jian, et al
Methods of Processing Shortage and Damage of
Historical Data in Load Forecasting[J]. Electric Power
Science and Engineering , 2004, (1):16-19.

(2] BEWar, 84N, BOTHF. AL AR LR R
HEFERLED]. FILRN%ERER, 2002,22(2): 1-5.
CHEN Ya-hong, MU Gang, DUAN Fang-li Identification
and Management to Anomalous Data in Short-term Load

Forecasting[J]. Journal of Northeast China Institute of
Electric Power Engineering, 2002, 22(2): 1-5.

(3] BR&EX. HHE Gt e i 2y b S A Fl o iy S A
[J]. %7, 2006,34(5): 54-57.

CHEN Chun-gin. Application of Mathematica Statistical
Analysis to Load Forecast for Power Enterprises[J]. East
China Electric Power, 2006,34(5): 54-57.

(4] Hagan M T. The Time Serials Approach to Short Term
Load Forecasting [J]. IEEE Trans on Power Systems,
1987,2(3): 785-791.

(5] M4, XA, AW, %. ETOPSO-RBFIH AR

G AR TR D). B RERYT 5 #EE], 2008,
36(18): 6-9,46.
TIAN Shu, LIU Tuan-jie, HU Yan-1i, et al. Short-term
Electric Power Load Forecasting Based on QPSO-RBF{J].
Power System Protection and Control, 2008, 36(18):
6-9,46.

6] fRER, FEEM, FE, F BT DEMTHRAIRE

HAMWAFED PESBHITEER,
2003,23(1): 46-51.
TAI Neng-ling, HOU Zhi-jian, LI Tao, et al. New
Principle Based on Wavelet Transformation for Power
System Short-term Load Forecasting [J]. Proceedings of
the CSEE, 2003,23(1): 46-51.

(7] B MAMESFHITREBERAFEND. B ORE
R EEh IR, 2003,15(4):40-44.

GU Jie. Appliacation of Wavelet Analysis to Short-term
Load Forecasting of Power System[J]. Proceedings of
the EPSA, 2003,15(4):40-44.

Yrks HE: 2009-04-09; 2@ HEA: 2009-04-29
fEEE/N:
BEAQ9759), B, Hd, sl#E, KBLAHEZLH
#7 b5 # 5 W AR 7 ; E-mail;jdjiang@zzu.edu.cn
KHHA982-), %, HitA, WNELH AL AT
AR
% A1976-), B, FE, #0H, AELHELEY
PR,

(E3% 88 W continued from page 88)

(101 &%, R, 2. MatlabfiENAVERM]. db
7 ARHSE HARAL, 2001.
FAN Ying-le, YANG Sheng-tian, LI Yi. MATLAB’s
Simulation Application Detailed Interpretation[M].

Beijing: People’s Posts and Telecommunications Press,

2001.

ks A#A: 2008-11-05; f£E A #8: 2008-11-19

fEEBN:

Ik (1967-), &, #§E, &, HRFTQAFRE
HBib, EXAMEENWHEH),

A M (1983-), %, Hid, BREFABEEFKEMN
YA S A% A€ H AR, E-mail: cenwei2002@
163.com

kK (1983-), ¥, Aid, TAIF, ARARAHHRLT
AR, B AFERKMERBRAFE.



