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Method for forecasting next-day market clearing prices based on BP neural network

ZHANG Ming-guang, LIYan .
(College of Electrical and Information Engineering, Lanzhou University of Technology, Lanzhou 730050, China)

Abstract: Forecasting the market clearing price (MCP) is the most essential task and the basis for any decision-making. The paper
is to use the the historical load and price to forecast the future price. The structure of the neural network is a three-layer
back-propagation(BP)network.The MCP was considered as a multi-input and single-output system. Every hour in one day is divided
5 types according to input’s influence,Then,it establishes model and forecasts using BP network .The historical loads and prices of
2002 in next-day America New England energy market are used for training and forecasting.Results show that the proposed method

is effective.
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Fig.1 BP neural network structure
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Tab.1 Classification period of time of forecast
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Tab.3 MCP forecast errors
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Fig.2 2002-10-11/ 17 forecasted and actual MCP
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