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Short-term load forecasting based on MG-CACO and SVM method
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Abstract: Support Vector Machine (SVM) as a machine learning method is based on solid theory foundation of Statistical Learning
Theory and focuses on small samples.It has good generalization and has received good applications.The theory and characteristics of
SVM are expatiated,a new continuous ant colony optimization algorithm called MG-CACO is used to optimize the kernel parameter
of SVM in this paper.The design idea and characteristics of MG-CACO and SVM are introduced .Then the application of SVM to a

short-term load prediction of an actual power system is proposed. Forecasting results of calculation examples show the feasibility and

effectiveness in the shor-term forecasting, and that the MG-CACO and SVM method improves the accuracy of prediction.
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