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Neural network based genetic algorithm optimizing for short-term load foreéasting
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Abstract:

result is crucial for power system’s secure and favorable running. A new method for short-term load forecasting is presented based on

Short-term load forecasting is fundamental for running and controlling in power system and the veracity of forecasting

neural network optimized by genetic algorithm(GA), short-term load forecasting model for power system is set up by non-parameters
method as sample sets for Elman neural network(Elman NN).With GA’s optimizing and Elman NN’s dynamic feature, the weight
optimization is realized by selection, crossing and mutation operations. The simulation indicates the method is feasible and effective.
Key words: genetic algorithm; neural network; power system,;

short-term load forecasting; optimization
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Fig.1 Elman network structure
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Tab.l Segment method for sample data

N A A M N
Xl’Xz""’XN XN+1’XN+2""’XN+M
XZ’XJ""’XNH XN+2’XN+3""’XN+M+1

XK’XK+1’“"XN+K~1 XN+K’XN+K+1"“’XN+M+K~1

HAORGMARIZEE. B, FREURR
%S RENERIY, b RS B
ST HEMEZKTRRTHAE, #AT AN, ¥
FEy A B, gtk 2 B s R $
IR, Mabs B —RER, HET 6 RKHE
1EAMEHIIgbE S, 1 3 REAAENRA R E,
B4 RGFENBiRmE. HkBR 3 Ag%H
Ao BT REBIREAMRKRRES, JARLS
HOTRBUHE L -

2 BAhGEHE
Tab.2 Load data of power system
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Fig.2 Performance of neural network training
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