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Electricity price forecasting solution based on time series models

HU Feng, PENGLIi
(School of Communication and Control Engineering, Jiangnan University, Wuxi 214122, China)

Abstract: Based on the day-ahead price research on the United States PJIM electricity market from August to November in
2006,this paper proposes a ARIMA, ARCH and combination model of neural network based on the time series to predict the
day-ahead price in future 24 hours of United States PJM electricity market, seasonal ARIMA model reflects the price trend, and

seasonal, ARCH models reflect the price’s heteroscedasticity, therefore the model can reflect the characteristics of electricity price

better, predicted results is excellent and there is broader application prospects.
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Fig.1 Electricity price series
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Fig.2 Preprocessed price series
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Fig.3 Preprocessed price series correlogram
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Fig.5 Residual correlogram
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Tab.1 Neural network training results

82 1 2 3 4 5 6
TRME -0.3809 -0.7311  0.0556  -0.0357  0.0195  —0.5356
H¥H 0.0491  —0.1827  0.0344  -0.0115 0.0855  -0.1069

HHHRE -8. 756 3.0026  0.6171 21125  -0.772 4.0117

IFER 7 8 9 10 11 12
TRIE 0.0523  -0.0401  0.0832  -0.5767  0.6324  -0.0152
HEfE 0. 064 0.0335  0.0421  -0.184  0.1427  —0.0055

#XHRE -0,1823  -2.1969  0.9769 2.1345  3.4326 1.761

B 5% 13 14 15 16 17 18
A -0.5996  0.0585  0.0017 -0.4841  0.5303  0.4113
HEE ~0,0896  0.1076  -0.0057 -0.1431 0. 1075 0. 108

HRiRE 56928  -0.4564 -1.2986  2.3825 3.9346  2.8069

BB 19 20 21 22 23 24
TRPE -0,4841 -0.1778 -0.1187 0.7885  -0.4855 —0.4367
HifE ~0.2262  0.1791  -0.1723  0.2957  -0.1873  -0.0391

KR 1. 1402 -1,993  -0.3111 1. 667 1. 5925 10. 176
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