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Long term load forecasting based on GM-GRNN in power system
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Abstract: Because of lack of history load data, it is more difficult to predict long time load. The paper analyzes the merits as well
as defects of grey prediction method and artifical neural network (ANN) method, and proposes a novel forecasting method named
grey neural network. The new method utilizes the accumulation generation operation of grey prediction to transform original data and
produce accumulated data. The data possesses better regularity which makes it easier to model and train the ANN and avoid the
theoretical error of grey prediction method. Case study shows that this method is more accurate and faster than single grey prediction

and single neural network method. It is a useful method for long term load forecasting.
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Fig.1 Generalized regression neural network
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Tab.1 Comparison of forecasting errors with three methods
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