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Fig 1 Block diagran of the adgptive filter for denoising

LMS
W (n+1) =W (n) +e(n)V(n) (5)

‘W (n) ,V(n)
, e(n) Ry

[5]

Monte-Carlo ,
( 40 kHz
500 kHz, kHz MHZ2) ,

(FR)



29

ooty

2 BMD
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Fig 6 Signals after filtering by the nev algorithm
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Fig 7 Signals after adgptive filtering
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Fig 8 Partial discharge detected on-site
9
Fig 9 Partial discharge plusDSI
10 11, ;
4 4 5ms

-2007 Chi c rna ctronic P

(1]

(2]

[3]

e s

10
Fig 10 Signals after filtering by the nev algoritm
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Fig 11 Signals after adaptive filtering
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Application of adaptive filter ng algor ithm
based on enpirical mode decam position to suppressD SI n PD detection

QKN Yong, HUANG Cheng-jun, QIW ei
(Deparment of Electrical Engineering, Shanghai Jiaotong U niversity, Shanghai 200240, China)

Abstract: Adaptive filter is an effective method for suppressing D iscrete Soectrum Interference (DSI). For DSlwith single frequen-
cy, itiseasy o st the paranetersof the filter However, itwill become difficult when faceswith D Sl of multi-frequency, which often
occurs in partial discharge monitoring systens Based on the frequency litting characteristics of Empirical Mode Decomposition
(BMD) , thispaper incomporates it into the adaptive filtering algorithm and a novel algorithm wasproposed A fter BMD of the noisy sig-
nals, DSlisof different main frequency could be decomposed into different IntrinsicMode Functions (MF) , and then multi-frequency
DSlwould tum o sme single-frequency DSIs Based on this trandomation, problems about settings of adaptive filter can be lved
Reaults obtained from smulation signals and on-site data confim its validity.
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terference
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The rotor bar broken fault diagnosis of an asynchronousmotor based on harmon ic wavelet

WANGL i,WANG Run-xiao
(School of M echanical and Electrical Engineering, Northwestem Polytechnical University, Xi'an 710072, China)

Abstract: W hen a fault of the rotor bar of an frequency converter has taken place, the characteristic signal canponents of the cur-
rentswill be added into the stator current In thispaper, the trandom of the hamonic wavelet method is goplied © detect the charac-
teristic signal canponents of the rotor bar broken fault The result shows that not only it can be used © detect the characteristic signal
of the rotor bar broken fault with great sensitivity but al® be used  evaluate the severity of the fault

Key words hamonic wavelet  fault diagnosis  frequency converter,  rotor bar broken



