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Annual electr ic conaum ption forecastihg model based on least square upport vector machines

WANG Xiao-hong', WU De-hui*?
(1 Deparment of Electronic Engineering, Jiujiang University, Jiujiang 332005, China
2 School of Instrument Science and Op to-electronic Engineering, Hefei University of Technology, Hefei 230009, China)

Abstract: Acoording o the geciality of electric pover conaumption development, an mproved regression model based on the least
gyuares support vector machine (LSS/M) is introduced into the field of electric powver demand forecasting The design steps and
leaming algoritm are alo addressed Campared with forecasting methods based on artificial neural netvorks(ANN) , there are sme
advantages of the proposed method First, theL S S/M lution follows directly from lving a set of linear equations instead of an iterar
tive problen Second, the machine leaming in the standard ANN gpproach are replaced by linear equations in LS-S/M, < the global
optimal lution can be uniquely obtained Third, the forecasting precision can be enhanced due to the model converts extrgpolation re-
gression into interpolation regresson The gpplication case proved that the proposed method is of easy realization, accurate prediction
and fits for annual electric pover demand forecasting

Key words  annual electric pover demand;  least squares support vector machine(LS-S/M);  regression; forecasting

( 48 continued from page 48)
wltage, line energizing ovenoltage, transfoimer energizing ovenvltage and power flon. Finally, the pre - condition & PR of the black
start schemes for Guangzhou metropolitan power grid are listed
This project is supported by National Natural Science Foundation of China(Na 50337010).
Key words metropolitan powver grid;  black start; — self-excitation; ovenwoltage  simulation



