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Abstract:  Thispaper analyzes the mechanisn which caused CT saturation and the essential character of the current secondary side at
CT saturation According o the linear zone of secondary current of CT near the primary current across zero, amethod isproposd D i-
dentify CT saturation by using the sampling differential protection based on the constructed restraint current The theoretical analysis
and experments verify that the method can prevent the differential protection from mal-operating while the CT enters into saturation
caused by the external fault The reliability of differential protection is mproved, and the method has been goplied in the practice
Key words  differential protection;  constructed restraint current,  CT saturation
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Abstract:  Thispaper briefly analyzes the Imitation of some reactive powver optimization methods for powver systen and through cam-
parion draws the conclusion that genetic algorithm is an effective method for reactive powver optimization A more effective method——
the improved genetic algorithm isput foward based on smple genetic algoritm The new algorithm conquers the defectsof convergence
rate slov and easily being precocious of simple genetic algoritm, and links up the characters of reactive power optimization of powver
gystam, and profits fram the smulated annealing in the execution process of genetic algoritm © amend the individual fitness constant-
ly. It goplies float point encoding, muti-population, self-adeptive variation rate and elf-adaptive crossing rate aswell The calculation
exanple indicates that this improved genetic algorittm has the optimal resultswith improved precision and convergence geed

Key words  reactive powver optimization;  improved genetic algoritm;  self-adgptive;  float point encoding.  multi-population



