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Temm Load Forecasting U sing Radial Basis Function Net-
Short-term load forecasting based on fuzzy cluster and RBF network
WANG Ping, ZHANG L iang, CHEN Xing-ying
(Hohai U niversity, N anjing 210098, China)
Abstract:  In thispaper, a short-tem load forecastingmethod based on fuzzy cluster and RBF network ispresented By using fuzzy

cluster theory, membership degree is gpplied 1o describe the correlative relation anong the loads and their influencing factors, and gain
a st of hisorical dayswhich have similar infomation of the day to be forecasted By training RBF netvork using the infomation of se-
lected days, short-tem load forecasting without large number of samples can be realized The resultsof calculation example show that
the daily mean error is1 91% and daily precision is97. 41%.

Key words fuzzy cluste;, menbership degree;  radial basis function netvork;  short-tem load forecasting
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Research on matchmak ng tradeoff cam petition mechanisn n regional electr icity
market, part one: aM CP cam petition mechanisn based on transn ission price and loss

ZHANG Sen-lin
(Electricity Trade Center, China Southem Power Grid Ca ,L td, Guangzhou 510620, China)

Abstract:  This paper presents a nev matchmaking tradeoff competition mechanisn. It ©lves the problensof transnission price be-
tveen provincial netvorks in a regional electricity pover market Based on theoretical analysis, trade procedure and example are al
established, which can supply a theoretical reference for the competition mechanisn design in regional electricity market

Key words  transnission price, matchmaking tradeoff,  competition mechanisn;  electricity market



