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Tah 1 Electric energy forecasting of Hunan Provincial grid in 2004
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Application of M arkov chan with weights to load forecasting

DONG Ji-zhend', WANG Huan', HE Yi-gang’, CHEN Hong-yun',\WANGW ef’
(1 School of Electrical Engineering and Infomation, Hunan University, Changsha 410082, Ching;
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The seriesof themonthly sales electric energy is resolved by utilizing thewavelet To the trend term and cycle tem free of

meteorological factor, thispaper goplies trend extrgpolate and cyclic grgph methods o predict them separately  To the last tem at ran-

dom that is influenced by meteomlogical factor, thispgper enploys fuzzy sequential clustermethod o set up the classification standard,

then it regards the correlation coefficients of record values asweights and predicts the future loads by usingM arkov chain model with
weights And all reaultsare synthesized at last Thismethod awids the influence 1 the load forecasting p rediction of the moon meteoro-

logical data, which has a bad prediction Notonly the concrete value of the monthly sales electric energy but its range in the future is

gained S the prediction ismore practical A forecasting instance ispovided and the validity of themethod proposed is tested finally:
Thisproject is supported by Electrical Science Foundation of Hunan Province(Na 20043005).
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