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Auto recognition of transient power quality disturbances based on wavelet and neural network
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Amed at the different characteristics of power quality disturbance, this paper presents a nev method for classification of

transient power quality First, the wavelet coefficients of basic frequency are extracted o identify the short duration disturbance like
wltage sag, svell and interruption Second, entropy featuresof the bestwavelet packet of transient mpulse and transient ocillation are
calculated A longwith the artificial neural netvork, they can be effectively classified U sing the different time-frequency characteristics
of wavelet and wavelet packet, the proposed gpproach can awid the noise and complete the detection and classification of transient pow-

er quality The accuracy and efficiency are verified by smulation analysis
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