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Electr ic power systan short-term load forecasting based on time
cluster ng restructur ng chaotic phas sace

PENG Chun-hua, LEIL I-xia
(School of Electrical & Electronics Engineering, East China Jieotong U niversity, Nanchang 330013, China)

Abstract:  This paper addresses a nev exact-forecasting algoritm of short-tem load in electric powver systen. Phase gaces of time
series ystan load data is restructured by time clustering, their fractional correlation dimension and maximum L ygounov exponent are
calculated, and the conclusion that time clustering data of load has chaotic property is reached A new model of short-tem load forecas
ting algorithm based on time clustering restructuring cheotic phase ace ispresented The algorithm has advantages of lessphase pace
dimension and flexible paraneters compared with the single time <eries cheaotic forecasting algoritm  Test resultswith this algoritm o
forecast the short-tem load data in actual electric pover systam are revealed, which show that there is great improvament in forecasting
precision

Key words systam load;, tme clustering restructuring, phase ace  cheotic forecasting
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A nonlinear optmal predictive controller for TCSC

JANG Tie-zheng"?, CHEN Chen', CAO Guo-yun'
(1 Shanghai Jiaotong University, Shanghai 200240, Ching;
2 Changsha University of Science and Technology, Changsha 410077, China)

Abstract:  In thispaper, anovel controller for thyrisor-controlled series cgpacitors (TCCs) with closed-fom analytical solution non-
linear optimal predictive control (NOPC) ispresented This controller does not require on-line optimization,  the huge calculation
burden can be awided and the damand of real-time control can be satisfied In addition, there are only tvo design parameters (predic-
tive period T and control order ) , thereby it is easy 1o be implemented in practice The smulation results show that the controller can
greatly improve pover systen stability and effectively attenuate powver system oscillation
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