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Tah 1 Decision table of electric netvork
fault diagnosis
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Application of rough st to build electr ic power grid fault diagnosis
model based on decision tree

L IRam, L1 Jing-hua, S Li-jur’
(1 School of Electrical Engineering, North China Electric Power University, Baoding 071003, Ching;
2 Jinzhou Society Insurance Institute, Jinzhou 050000, China)

Abstract: By anploying decision tree © build the model of electric power grid fault diagnosis, fault sample with non numerical and
inaccuracy values can be processed, diagnosis result can be learned when infomation is corrupted, erroneous and even missing because
of its strong fault olerant ability and better adaptive cgpability Based on mugh st theory, the pgoer proposes an mproved discernibili-
ty matrix o reduce the decision table which includes all kindsof fault caseswith the signalsof protection relays and takes circuit break-
ers as condition attributes and fault sections as value attributes Then the decision tree of electric power grid diagnosis is built by using
weighted mean roughness as sgparating attributes standard o realize electric power grid fault diagnosis An example shaws that the pres-
ented method can reduce attributes effectively with strong fault lerant ability and the fault of electric power grid can be identified accu-
rately Compared with rule sts, decision tree is easier © maintain and modify Furthemore, the decision tree is smple and easy ©
comprehend

Key words  fault diagnosis  rough sts  weighted mean roughness  discernibility matrix,  decision tree;  electric power grid
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