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Abstract:  Forecasting themarket-clearing price (MCP) is themost essential task for any decision-making in electricity market A rti-
ficial neural netvork (ANN) is a preferable forecastingmethod However, there still exist sme theoretic shortcamings in ANN meth-
od, such as the time-conauming sample training and convergence problen.  Egecially when the characteristic of sample ishard o cap-
ture, those phenamenawill be more explicit To lve the problem, based on the characteristic of elf-organizing and clustering of elf-
organizingmap (SOM), thispaper proposes amethod o deal with the sample dataset of the BP model, which can perfom a data anal-
ysis, and then fom a new training dataset By using the BP netwvork on the newv dataset analyzed by SOM for the prediction, the effi-
ciency is advanced remarkably and the prediction is satidactory

Key words  powvermarket price forecasting BP nework;  <elf-organizingmap
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Abstract:  The distribution systensare mportant conponentsowe o connecting high voltage pover transnission systans o conamers
in electric power systan.  To improve the franaewvork of distribution systems and the reliability and econamic value, thispaper presents
the allocatingmethod of branch svitches in distribution systen based on the principle of cgpacity mament In addition, exerimental re-
alts shaw that themethod is effective It is mportant for constructing of lid distribution systems and the enhancing of the level of re-
liable and econamic operation in whole powver systens

Key words power systan;  cgpacity mament,  distribution systeam;  branch svitch



