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[9] , C, =40 /km, C, =Q 15C,, A =40 000 ,
(m-my - ) Q =100, K =20,
2 CN =500

Tah 1 Smulation results of AC algorithm on different canbination ofa , andp

a B p
Q5 15 Q3 90 165 462 1 43 97 556 501 1
a5 15 a5 90 165 462 1 145
Q5 15 Q7 90 165 462 1 333
10 10 Q3 92 658 2510 6 92 658 2510
10 10 a5 93 590 462 1 20 97 556 501 1
10 10 0 95 90 165 462 1 113
10 15 a5 96 083 2510 10 97 556 501 1
10 15 Q7 92658 2510 40 97 556 501 1
2

Tah 2 Smulation resultsof AC algorithm with little interference on different combination of paraneters

a B p Y1 Y2 Y3 ONp CN;

a5 15 03 08 18 2 30 60 90165 4621 42
a5 15 05 Q08 1 2 50 100 90165 4621 46
a5 15 Q07 08 1 2 50 100 90165 4621 146
10 10 03 08 1 2 30 60 90165 4621 11
10 10 05 Q7 1 2 10 40 93590 4621 17 93590 5
10 10 09% 08 13 2 30 95 90165 4621 88
10 15 05 07 1 2 30 60 92658 2510 5 92 658 8
10 15 07 07 15 2 10 30 90165 4621 35
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Fig 1 Schanatic diagran of nework path Fig 2 Network optimal resultwith
little interference in ACO
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Ant colony algor ithm with little nterference strategy n distr ibution networks planning

YANG Li-xi"?, ZHANGDan', WANG Jiayao’, WANG Zhi-gang, SONGBing
(1 Zhengzhou University, Zhengzhou 450002, China; 2 Infomation Engineering University, Zhengzhou 450052, Ching
3 Shanxi Jincheng Power Campany, Jincheng 048000, China)

Abstract: Basic ant colony algoritm is a new general-pumpose heuristic algoritm for lving cambination optimization problens The
main characteristics of thismethod are positive feedback, distributed camputation and the use of constructive greedy heuristic But if
the positive feedback is not proper, itwill take longer time on searching or easily running into the local optimization ®lution To over-
come those shortcamings, this paper puts fovard an ant colony algoritmswith little interference strategy, which tmely adjusts the
pheramone It could control the positive feedback process and enhance the probability of full-scale optimization The validity isproved
by a power network optimization example
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( 34 continued fram page 34)

Abstract: An mproved genetic goproach © optimal reactive powver ispresented It enploys the ensitivities of the objective function
with repect © the control variables o adjust the mutation direction Resultsof algoritm © the IEEE14 bus powver systan reveal this
technique is suitable to minimize real power loss and the time of running progran

Key words  reactive powver optimization;  genetic algoritm;  sensitivity analysis  optimal mutation



