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Fg.1 Qorfiguration of digance protection based on ANN
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Research o training algorithm for digance protection based on ANN
Xl Xiaoli , ZHANGJu
(North China Hectric Power University , Baoding 071003, Ching

Abgract :  Digance protection based on ANN is introduced. In order to make the new protection perfect , the method of training network is
prafoundy studied. Eght improved BP agprithms, which are used in ANN(Artificia Neural Network) training network , are conpared. By re
peating training ,their comnon ground and difference in the process of weight adjuging and error convergency are drawn ,and the dfect of neurd
number , exciting function and initid weight on the training of ANN are summarizd. It is proved that LM arithmetic and trainscg method have
high convergence rates and are less dfected by the weightsin training networks while usng large menory ; and trainbr method has a better abit
ity of generalization.
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Optimal planning for reactive power with voltage sability
HU Ca-e, YANG Rerrgang
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Abgract : The mathematical modd of fuzzy multi-objective optimal planning for reactive power is egablished. The objectives consg o four
important terms including network loss, invesmernt of reactive conmpensation equipment , satic voltage gability margn, and woltage deviation of
RQ bus. Frg , wltage gahility sendtivity factor index method is goplied to identify weak bus as candidate nodes for ingaling new reactive
oompensation equipment ,then cgpakility and location are optimized with genetic dgorithm (GA) . The present method is gpplied to IEEE30 bus
sygems with satigactory result and has inproved the voltage gahility of the whole power sygem.

Key words: woltage dability sendtivity; fuzzy multi-object; gatic woltage gahility margn



