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Tab.1 Parametersof the distribution network in Fg. 1

A B C D E

I kV 10.49 10.34 10.29 10.26 10.21

/A 123.1 85.2 65.9 31.2 21.5

, C
B A [ 1],
[ 2]:va(C)'Arb3; C
D E [ 2],
[ 11:Rpi(C) -A ryg Ry (D) -4 ry
Roi( E) -4 rpy
., Rw(C) < Rp_m,
[ 3], Uc ;
Rb_yes )

2 1
Tab.2 Processof bad data identification
of the digtribution network in Fg. 1

A B c D E

/kV 10.51 10.35 10.56 10.28 10.24
/A 122.5 86.7 48.9 31.8 21.8

Rev 1.0 1.0 07 1.0 1.0
! Rol 1.0 1.0 09 09 0.9
Rev 1.0 1.0 0.4 1.0 1.0
2 Rol 1.0 1.0 0.8 0.8 0.8
/kV 10.51 10.35 10.42 10.28 10.24
Rov 1.0 09 03 1.0 1.0
3 Rol 1.0 1.0 07 0.7 0.7
/kV 10.51 10.35 10.35 10.28 10.24
Rev 1.0 0.8 02 1.0 1.0
4 Rol 1.0 1.0 0.6 0.6 0.6
/kV 10.51 10.35 10.32 10.28 10.24
Rev 1.0 1.0 04 1.0 1.0
5 Rol 1.0 1.0 05 05 0.5
/kV 10.51 10.35 10.317 10.28 10.24
Rol 1.0 1.0 0.4 0.4 0.4
6 /kv 10.51 10.35 10.32 10.28 10.24
/A 122.5 86.7 58.6 25.71 21.62
Rol 1.0 1.0 0.6 0.6 0.6
;
6 . Rui(C) < Rp_m R
(D) < Ri_m Rui(E) < Rp_m, [ 3],
lc Ip le
Rb_yes
B, B 86.7 A, BC
CDED E ,
86.7 A 4 21.7 A A
, C 1
, D E 2 (6)
lc Ip le
2 , 5 C
, 6 C
C , ,
C
, , Ic



[2] ,
[1] , - [31.
6 ,2000 ,34(10) :10-14.
[2] : :
[J1. , 2000 ,24(22) :35
' ' 38.
[3] , ) [J1. :
' 2002.
' ' 2003-02-28; : 2003-05-12
, (1967-), , , ,|IEEE
, 0.85 (1973-) . :
0.95 ?
(1973-), , , :
Distribution automation data unanimity improvement based on confidence method
L IU Jian** ,DON G Hai-peng” , YAN G Werryu*
(1. Xi"an Univerdty of Technology , Xi’ an 710048 ,China;
2. Shaanxi Galxy Hectric Power Automation Co. , L TD. , Xi’ an 710075 ,China)
Abgract :

A new method to identify and correct bad data isput forward based on data confidence. The unanimity of datain a distri-
bution automation system can be greatly improved even in the case of badly lacking of rea time data. Basc regularitiesof a distribution
system are discussed , based on which, bad data can be identified. A concgt of data confidence is established together with the go-
proach of adjusting data confidence dynamicaly. The dataidentification and correction methodsfor sgle bad data and a group of bad
data are detailed. An exanpleis given to illustrate the proposed method.
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