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Fuzzy neural network for short-term load forecasing
JIANG Yong
(Nanjing Power Gompany ,Nanjing 210008 , Ching

Abgract: Aimng a short-term load forecagting , this paper introduced afuzzy ANN based on smilar higorica day data. This method adopted
BP arithmetic and cond dered weather factor ,sdected dmilar higorica days based on the eva uation function ,ded dl factors that irfluence load
with membership function found forecasting model sfor per point of 24 points which could improve the learning property. With performing better
forecading accuracy ,the method is generdly suitable for shortterm load forecading.
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