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1 0.9664 - 0.0004 0.0003 0.0004 0.0002 0.0002
2 0.9638 0.001 0.0003 0.0003 0.0006 0.0002
3 -0.0001 0.9577 - 0.0003 - 0.0006 - 0.0001 - 0.0001
4 0.0005 0.9786 0.0002 0.0007 0.0005 0.0006
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Fault diagnosis sysem for subgation based on artificial neural
networ k and its robustness

LIU Yingme , YANG Wan-hu , ZHANGJian, XU Min, KONGBIin
(Zhengzhuo University of Techrology , Zhengzhou 450002 ,Ching

Abdract : A sygem of fault diagnodsfor subgation based on Artificid Neurd Network isintroduced in the pgper. It takes advantage of the
powerfu robugness and learning of Artificia Neura Network to diagnose the fault component in the subdation. The smulation results show that
the sysem can exactly diagnose the fault conponent when the input irformetion is correct ,even if the input irformation is not conplete or ome
iswrong ,the dagnod s reault is ill accurate. Gonpared to other Al notheds ,the fault diagnods based on neura network has better robugtness
and extrgpol ation.
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