$50% oM
20224E5 H1H

PR R R R

Power System Protection and Control

Vol.50 No.9
May 1, 2022

DOI: 10.19783/j.cnki.pspc.210912

T [8] 2 32 11 [5) 1Y) B 22 %8 B B 1oy SR B 7

FHE L X RN, AAAE L, SRES, A

(1. B R4 A8, T &M 450052; 2. B TéE 4 & N8 ah#FHRIE, T R0 450052;
LERKF AHER, TR 400044)

FEE: AR TR A I o P F P R A%, WL AT AR R T . BN BR R )
ARG OHET, T P P AR R R OR B 2, (R AR B IR A TR S PTG R, 4R
HATHT 1) 22 20 3 ) R B 7 A TRNAE S, G AT o AR A IO 28 . v 5, ARAF UM B Wl AR AT H 6
M2, M Gz, b &l H AR, SRR IS 03 0 BAT AU B AT A AR
G, ¥ RI2E RN A S Bt s A 25, R STL-LSTMs-XGBoost Tl A% 75 S F T AZ £ %45 391 47 ff AR BE VO o 5%
Joi s A TG AR () S AT B A D AT o AT, S g RRAIE T TR T I AT AT R R

KEIR: A FATERZERS ST SRR T

Short-term load cluster forecast of distribution transformers for cloud edge collaboration
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Abstract: The distribution transformer (DT) is an important piece of equipment connecting users in a distribution
network, and it is very important to study the law of load changes. With the promotion of IoT technology applied in a
power system, more and more DTs are monitored in the distribution network, but analyzing and modeling for many
devices one by one will be inefficient. Therefore, this paper proposes a technical framework of distribution transformer
load forecast for cloud edge collaboration, focusing on a cluster forecast model in the cloud. First, it performs daily load
curve clustering on DTs, extracts daily load patterns, analyzes the changes in daily load patterns of DTs, and puts DTs
with similar power consumption behavior into one category. Then, it integrates the same type of DT load data for training,
and uses the STL-LSTMs-XGBoost forecasting model to realize short-term load cluster prediction of the DT. By using
the load data of a city's DTs as an example for analysis, the experimental results verify the feasibility and effectiveness of
the proposed method.
This work is supported by the National Key Research and Development Program of China (No. 2020YFB2009405).
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Fig. 1 Technical framework of distribution transformer load

forecast for cloud edge collaboration
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Fig. 2 Flow chart of DT classification based on similar

electricity consumption behavior
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method based on SVD
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